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Climate Change, Deforestation, and the Fate of the
Amazon
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Biodiversity and Climate Change




L 4






oy
L Tt

.7 Sk e



makeagifcom

35 Audiomoths deployed
Deployed in Madre de Dios,
Peru

Deployed by San Diego Wildlife
Alliance Researchers
Deployed nearby roads on land
managed by an FSC certified
logging company

Set to record for one minute
every ten minutes

3.9 terabytes/1500 hours of
audio data collected

Google Larth
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~Github '_fé-htté:/7 ithub.com/microfaune/microfaune

DCASE 2018 - Training/Validation Dataset i

% “freefield1010” - 7690 field recordings of bird presence/absence from around the world

4 “warblr10k” - 8000 bird presence/absence smartphone audio recordings from around the United
Kingdom

% 80/20 split of these datasets from training and validation respectively

< Dataset Link: http://machine-listening.eecs.gmul.ac.uk/bird-audio-detection-challenge/



http://machine-listening.eecs.qmul.ac.uk/bird-audio-detection-challenge/
https://github.com/microfaune/microfaune

e 50 random cllps from 50 partlcular species of interest
& 4774 Google Audloset Ontology audio clips from classes unllkely to contain bird calls.

Audiomoth Data - Testing Dataset
%  Stratified Random Sample of Madre de Dios field recordings
> One minute from every hour of the day from each Audiomoth device
%  Stratified clips from 16 Audiomoths were taken and broken down into 3 second segments a labeled for bird
presence/absence !
> 7120 3 second clips in total



esults after Training on Original Data
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== ROC curve of class 0 (area = 0.95)
== ROC curve of class 1 (area = 0.95)

== ROC curve of class 0 (area = 0.65)
== ROC curve of class 1 (area = 0.65)
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== ROC curve of class 0 (area = 0.77)
== ROC curve of class 1 (area = 0.77)
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== ROC curve of class 0 (area = 0.98)
== ROC curve of class 1 (area = 0.98)
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New Data Augmentation Techniques ~a— f::f"f-ﬁgTransfer Learning

%  Pink Noise m F %':i i j_ﬁéwer layers from a larger neural network
% Tempo Modulation ¢ . and "“'rrfinaj layers on dataset of interest.

% Pitch Modulation e I-P&g;potential of skewing very powerful

« Random Filtering = networks towards an ecosystem of interest

%  Salt and Pepper % W ﬁedu‘ées dataset size and training time.
: .
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